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Organisation Of Determiners

Definition: A determiner is an English part-of-speech that quantifies or references the noun
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Figure 4. Oracle learns the DetermiNet organization, represented as LDA clusters and a

Examples Per Determiner Classes Evaluation On DetermiNet dendrogram.
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 Articles: identify nouns which the speaker is referring to (a, an, the) | \ Evaluation On Real Dataset

« Possessives: signify ownership of the noun (my, your, our)

Random bounding box selection
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